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At Google, our TPU design philosophy has always been centered on
three pillars: scalability, reliability, and efficiency.
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As Al models evolve from dense large language models (LLMs) to
massive Mixture-of-Experts (MoEs) and reasoning-heavy architectures,
the hardware must do more than just add floating point operations per
second (FLOPS); it must evolve to meet the specific operational
intensities of the latest workloads.

---------------------------------------------------------------------------------------------------

R Al R AEEOAESER (LLMs) BENBRINESE
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The rise of agentic Al requires infrastructure that can handle long
context windows and complex sequential logic.

RIS Al (Agentic Al) M EBREMZHAEBLEK F FXE
ORERMIFEE. |

At the same time, world models have emerged as a necessary evolution
from current next-sequence-of-data architectures, which means newer
agents are simulating future scenarios, anticipating consequences, and
learning through "imagination" rather than risky trial-and-error.

SR, tRERERN L TR RS
B, BEGEF—RREEERMARER. MR, HiE
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___________________________________________________________________________________________________

The eighth-generation TPUs (TPU 8t and TPU 8i) are our answer to
these challenges, ensuring that every workload, from the first token of
training to the final step of a multi-turn reasoning chain, is running on
the most efficient path possible.

___________________________________________________________________________________________________
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They are built to efficiently train and serve world models like Google
DeepMind’s Genie 3, enabling millions of agents to practice and refine
their reasoning in diverse simulated environments.

---------------------------------------------------------------------------------------------------

EMNEESMMINIZRHEE Google DeepMind KJ Genie 3 X
SRR, (EREATEEFEBESMRIMIFEPEH
SEEHEEEEN,

TPU8: ERISEIRITTLE

Recognizing that the infrastructure requirements for pre-training, post-
training, and real-time serving have diverged, our eighth-generation
TPUs introduce two distinct systems: TPU 8t and TPU 8i.

---------------------------------------------------------------------------------------------------

EIREITRIG. USRI B RSN R R E &

These new systems are key components of Google Cloud's Al
Hypercomputer, an integrated supercomputing architecture that
combines hardware, software, and networking to power the full Al
lifecycle.
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While both systems share the core DNA of Google’s Al stack and
support the full Al lifecycle, each is built to address distinct bottlenecks
and optimize efficiency for critical stages of development.

5,.“1_ﬁ’\§4u%|37¥'(zz7 Google Al BARBMIZOER, HXiF
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Additionally, by integrating Arm-based Axion CPU headers across our
eighth-generation TPU system, we’ve removed the host bottleneck
caused by data preparation latency.

S, BIEE/\R TPU RAREMRET Arm 224949 Axion
CPU ¥, BATHIRT BB S IERSEMENNEE

Axion provides the compute headroom to handle complex data
preprocessing and orchestration, so that TPUs stay fed and don’t stall.

Axion I2{# 7 & BHITERERAIEES ZRHOEIBT IR RHE,
 MTIRR{R TPU BEBSISLESR S EUBM A TR & £ B,

Optimized for massive-scale pre-training and embedding-heavy
workloads, TPU 8t utilizes our proven 3D torus network topology at an
even larger scale of 9,600 chips in a single superpod. TPU 8t is

Aacinnad far mavimiim thraiinhniit arrace hiindrade Af ciinarnnde

https://cloud.google.com/blog/products/compute/tpu-8t-and-tpu-8i-technical-deep-dive 2026/4/22 23:27
TiR3: 5/29



u\;dlﬂll\lu INVJI THITUANnitiiuvuini LIIIUU&IIHUL Uil VOO 11Ul VUV VI \)UP\II rJ\J\J\Jl

ensuring that training runs stay on schedule.

---------------------------------------------------------------------------------------------------

TPU 8t ERAMETNENBEHARE (embedding-heavy
-workloads) miffift, RATHNMAK 3D HE (torus) W&
RiMEN, ERTEESER (superpod) HISTHITEiX 9,600 1
SHREAHIE, TPU 8t EEBHE TEESKHIHNREAENL
B, BERINFESEITRIHET,

e The SparseCore advantage: Central to TPU 8t is the SparseCore, a
specialized accelerator designed to handle the irregular memory
access patterns of embedding lookups.

éSparseCore fftd: TPU 8t B9#%I\Z SparseCore, gg—wg
BINitHmEss, ATLEBHRASK (embedding '
lookups) HRAHMEIATFILEIRI

While the Matrix Multiply Unit (MXU) handles matrix math, the
SparseCore offloads data-dependent all-gather operations,
amongst other collectives, preventing the zero-op bottlenecks that
often plague general-purpose chips.

----------------------------------------------------------------------------------------------

BAAEMERIERT (MXU) RERAEERIEH, (8 5
- SparseCore I8 7 BRI all-gather IRIEURHAMES
E(SMES, MMPGLET &% BiERG R NFRIF (zero-op)
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e VIPU/MAU OVeriap ana palancead scaling: | FU 3T IS aesignea 10
maximize provisioned FLOPs utilization. By implementing more
balanced Vector Processing Unit (VPU) scaling, the architecture
minimizes exposed vector operation time.

EVPUIMXU ES5THER: TPU St SERAKECRE
FLOPs FYFIAZE, @I EFEHmE=4E 85T (VPU) 48
7351, ZERAREMBV T RENCISIRIENRE,

This allows for better overlapping of quantization, softmax, and
layernorms with the matrix multiplications in the MXU, helping the
chip stay busy rather than waiting on sequential vector tasks.

KSR, softmax HIBJA—1t (layernorms) BEGSEITHL
5 MXU SRESERRAES, MRS K RISEICRES, ™
FRSBIAFERES. |

e Native FP4: TPU 8t introduces native 4-bit floating point (FP4) to
overcome memory bandwidth bottlenecks, doubling MXU
throughput while maintaining accuracy for large models even at
lower-precision quantization.

B4 FP4: TPU 8t BIAT B 4 2 (FP4) ASEARAIEH
RNEH, 7596 MXU FHEERNER, DEEEEERLT
RIS ARR R,

By reducing the bits per parameter, the platform minimizes energy-
intensive data movement and allows larger model layers to fit within
local hardware buffers for peak compute utilization.
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Figure 1: TPU 8t ASIC block diagram
. E1: TPU 8t ASIC #E/5] |
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e Virgo Network topology and up to 4x data center network
increase: To support the massive data requirements of TPU 8t, we
introduced Virgo Network. This new networking architecture
enables up to 4x increased data center network (DCN) bandwidth
on TPU 8t training over DCN. Virgo Network is a scale-out fabric
designed for the extreme requirements of modern Al workloads.

Virgo RAIENREIA 4 RIBEROMBRA: JTEH
TPU 8t BEMEBRRR, HMI5IANT Virgo M., XMEF
KIRIZEERAME TPU 8t TEEUREFIOMEE (DCN) LRIIIGHR
RATEEL 418, Virgo MAZ—MERNIMN Al TIERHEN
RimFE R RRERY R,

Built on high-radix switches that reduce network layers by allowing
more ports per switch, it employs a flat, two-layer non-blocking
topology. Compared with traditional datacenter networks, this
significantly reduces latency by minimizing network tiers. It features
a multi-planar design with independent control domains to connect
TPU 8t chips.

----------------------------------------------------------------------------------------------

EEFHEH (high-radix) THHGE, EILFSIRR
NAEESHORAOMERE, HRARTHNELEEE
FMEN, SERNBEBROMSEL, KETSARERD
MERBSEMETER., ERASTEST, EEMINE
B RERE TPU Bt H 5
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Ihe | PU 8t racks also connect with the Jupiter north-south tabric to
access compute and storage services. Together, this streamlined
architecture delivers the massive bisection bandwidth and
deterministic low latency necessary for enabling the world's largest
training clusters with high availability.

TPU 8t Z8ES Jupiter FIIbEMARIGIRIE, DIbidtE
RIS . EMEENRNAERME T SENH S HEAR
RMEMEER, ZHFHRASSTRENSRBAMEINLS
SHEXEE, |

With 2x scale-up bandwidth on the inter-chip interconnect (ICl) and up
to 4x raw scale-out DCN bandwidth compared to the previous
generation, TPU 8t drastically reduces data bottlenecks. Then, to further
accelerate the development of frontier models, we scale distributed
training beyond a single cluster. With JAX and Pathways, we can now
scale to more than 1 million TPU chips in a single training cluster.
Virgo Network can link over 134,000 TPU 8t chips with up to 47
petabits/sec of non-blocking bi-sectional bandwidth in a single fabric.
This fabric delivers over 1.6 million ExaFlops with near-linear scaling
performance.

---------------------------------------------------------------------------------------------------

5 E—{HALE, TPU St ROSHAEEE (IC1) §RHERAT 2
&, RIGT R (scale-out) DCN HRRATEIA 4 &, MAA
MR TR, LA, ATH—DINEFCGEENTR, &K
AE D mINGY RE T BTEREF 25, EB) JAXF

Pathways, HATMZEAIAIER ISP RIBIT10075
T TPUISR. Virgo MR AT RN SRH9RERIEER 134,000 1
TPU 8t h, IRIXEIA 47 PB/s IRMHENSHRE, ZHRMTAR
{RiEid 160 73 ExaFlops MH 71, #ABIRFEMENT RITEE.
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e Faster storage access: We are introducing TPUDirect RDMA and
TPU Direct Storage in TPU 8t. TPU Direct RDMA enables direct
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data transfers between the TPU's memory (HBM) and the Network
Interface Cards (NICs), bypassing the host CPU and DRAM. This
reduces latency and host system bottlenecks, increasing the
effective bandwidth for TPU-to-TPU communication.

----------------------------------------------------------------------------------------------

 ERATERLIBIE: BT TPU 8t 15|\ T TPUDirect RDMA |
#1 TPU Direct Storage, TPU Direct RDMA L2} 7 TPU A
7 (HBM) S/#&# L+ (NIC) ZIERIERBEEH, %
 TEH CPU FIDRAM, JXIEMT TRERFIL AL, 15

T TPU [HBIEHEHEE. ’

______________________________________________________________________________________________

Similarly, TPUDirect Storage bypasses CPU host bottlenecks by

enabling direct memory access between the TPU and high-speed
managed storage like 10T Lustre, effectively doubling the bandwidth
for massive data transfers.

5 [AI#, TPUDirect Storage 2 TPU 5 10T Lustre &5
BRI EFEZ BT E#EAFIRLE, %137 CPU EHHEA,
Mﬁ'ﬁffﬁgﬂ’fﬁﬁr B 75 5 1 A1 o

This architecture allows the silicon to ingest training data at line
rate, ensuring that the MXUs stay fully saturated even when
processing large multimodal datasets.

----------------------------------------------------------------------------------------------

IXFREER SRS A SRR B, mﬁﬂ/fﬁrﬂfgxﬂf
yﬁﬁﬁﬁﬁsﬂj MXU thBERIFTELtaA,

______________________________________________________________________________________________

By combining Managed Lustre 10T and TPUDirect Storage to route
hundred-petabyte datasets directly to the silicon, TPU 8t prevents
training delays caused by data ingestion bottlenecks. This delivers 10x

faster storage access compared to training on seventh-generation
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[ronwood TPUs.

---------------------------------------------------------------------------------------------------

Bid4EA Managed Lustre 10T #l TPUDirect Storage 1§5 PB
RBIESERIBBITR, TPU 8t BilLT REUERERIAS| &
HIIEER, 5ESE LR Ironwood TPU E#{TIIIZRELE, Xi2

TR 10 (SHTERES IR

___________________________________________________________________________________________________
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Figure 3: The top diagram shows the data transfer path without TPUDirect

Storage. The bottom diagram shows TPU 8t data transfer with TPUDirect
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Storage between 2 TPU 8t chips and TPUDirect Storage with Managed 10T
Lustre storage.

E3: FAEFETTRE TPUDIrect Storage BISIEREIRIEE, T
- EFZEFRT 2 7 TPU 8t 54 ZIEER TPUDIrect Storage FI##ERE
. %, MYREE Managed 10T Lustre 7Zfif{£/H TPUDirect Storage #Y |
= 18, =

_____________________________________________________________

_____________________________________________________________

Optimized for post-training and high-concurrency reasoning, we
designed TPU 8i with our highest on-chip SRAM, a new Collectives
Acceleration Engine (CAE), and a new serving-optimized network
topology called Boardfly.

---------------------------------------------------------------------------------------------------

TPU 8i ERIIGELBAEHRBEMRA. BITERTHNE

BEETHEERENA L SRAM, £INESEEMES|E

- (CAE) , URKR—&) Boardfly MFFBUEIEARSS A MLAEE

b,

e Large on-chip SRAM: With 3x more on-chip SRAM over the
previous generation, TPU 8i can host a larger KV Cache entirely on
silicon, significantly reducing the idle time of the cores during long-
context decoding.

ABER L SRAM: TPUBiKIR L SRAM BEZ E—XHI3
&, TERESH LIEEEARN KV Cache, MTIEZFRL
K ETXRBEEPZONEREE. =

______________________________________________________________________________________________
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e The Collectives Acceleration Engine (CAE): To solve the sampling
bottleneck, TPU 8i uses the CAE, which aggregates results across
cores with near-zero latency, specifically accelerating the reduction
and synchronization steps required during auto-regressive
decoding and "chain-of-thought" processing. For each TPU 8i chip,
there are two Tensor Cores (TC) on-core dies and one CAE on the
chiplet die, replacing four SparseCores (SCs) on core dies in
previous-generation Ironwood TPU. By integrating a specialized
CAE, TPU 8i further reduces the on-chip latency of collectives by 5x.

EAIES|E (CAE): ATRRRKIMES, TPUSI RAT
'CAE, EREMEFFNEERSHFZONER, TIMEEE
VARBISA B LRI RFABNANSAS SR, #8171
TPU 8i i KR, #ZILEH (on-core dies) FBERIMKER
0 (TC), TSKEE (chiplet die) £H—41 CAE, Bt
T E—1K Ironwood TPU #Z/0VEF ERIM B %O (SC),
BEEAEIIN CAE, TPU 8i K SBENA LERS—T
BBIET 5f5.

Lower latency per collective operation means less time spent
waiting, directly contributing to higher throughput required to run
millions of agents concurrently.

----------------------------------------------------------------------------------------------

BRERREERERERES SN, REREHT
REHRETREA N EEREEELE, |

______________________________________________________________________________________________

e Boardfly ICI topology: While the 3D torus allows connecting
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thousands of chips to be used in cohesion, a large mesh does have
more hops between chips and higher all-to-all latencies. For 8i, we
changed how the chips connect together in fully connected boards
that are then aggregated into groups.

----------------------------------------------------------------------------------------------

‘Boardfly ICI #Gh: 244 3D 3fE (3D torus) AIFIHT
SHERE—RINRER, EARMSESH ZARIEEE
B, B2M2 (all-to-all) EREE. WF 8i, HMHE

______________________________________________________________________________________________

Utilizing a high-radix design, we connect up-to 1,152 of these chips
together, reducing the network diameter and the number of hops a
data packet must take to cross the system.

----------------------------------------------------------------------------------------------

FIBEER (high-radix) igit, BIMEBIA 1152 M
KIS, MTRNTRSER, RO TRIEQRER
RATEIHIIE, =

______________________________________________________________________________________________

By slashing the hops required for all-to-all communication (the
heart of MoE and reasoning models), Boardfly achieves up to a 50%
improvement in latency for communication-intensive workloads.

----------------------------------------------------------------------------------------------

BEKIERDEXEBERE (All-to-all communication, MoE
AR RD) FRFRIBEE, Boardfly FEEEERRET
AERHPHIERRE T S8 50%.

______________________________________________________________________________________________

BB-BB#2
| >< | Cu links [ [ |
- - ™ G G G
1 1 1
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4 TPUs on each tray which Group (G) of 8 fully connected trays/BB 36 groups
is building block (BB)

Figure 5: TPU 8i hierarchical Boardfly topology building up from a building
block of four fully connected chips into a fully connected group of eight
boards, with 36 of such groups fully connected into a TPU 8i pod

B 5: TPU 8i /& Boardfly #H# 421, MEITREES KA ’
mﬁ, T REIL/) \ SRR AR 2 TEH, B 36 TMLEADTENRE
™ TPU 8i Pod |

Boardfly consists of the following elements, and its topology is
hierarchical by nature:

» Building Block (BB): Each tray forms a four-chip ring using internal
ICI links, providing 16 external connections for broader networking.

A9EHR (BB): SMEEFIFIA ICI BB —MUS A,
M 16 MINBERATEM TMMAER,

e Group (G): Eight boards are fully connected via copper cabling to
create a localized group, utilizing 11 of the available external links for
intra-group communication.

----------------------------------------------------------------------------------------------

(0): \RIEEBIRASIERR AR, FR &
TFISMERGERA BT A I :

______________________________________________________________________________________________

e Pod structure: The final architecture scales to 36 groups (up to
1,024 active chips) linked through Optical Circuit Switches (OCS),

ArmAririmAa A maAvsdmaraa laram A Af AAliAK hAanmA Far A AR FA AL
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communication.

----------------------------------------------------------------------------------------------

RN RREITNIEZIE (OCS) HEE 36 A
(RBEE 1,024 DEDSH) , WREES S EE rmqu
ERTEE .

REMRIT: Boardfly SIFHE (torus) HaFMIEN
Lk

___________________________________________________________________________________________________

Why move away from the torus for TPU 8i? It comes down to network
diameter.

In a 3D torus, nodes are arranged in a grid where each dimension wraps
around like a ring. To reach the furthest possible chipina 8x 8 x 16
(1024-chip) configuration, a packet must traverse half the distance of
each ring:

7£3D Torus (SHHFE) MR, THBIERIESH, BEEfE
EHREF—HEREE. E£8x8x16 (1024 75H) NWEE
m T IATEERES K, BIEEWRBTE MR —$IE

___________________________________________________________________________________________________

---------------------------------------------------------------------------------
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While the torus is highly efficient for the neighbor-to-neighbor
communication typical of dense training, it creates a latency tax for all-
to-all communication patterns. In the era of reasoning models and MoE,
where any chip may need to talk to any other chip to route a token, this
hop count matters.

---------------------------------------------------------------------------------------------------

24 Torus B FBEIGFPRRIMT SEBEFEER,
{BESHLHL (all-to-all) BEHAWRIERFH, MBS
HABSERER (MoE) R, S H BIEREESHitE
(TS AEEINBEE Token, EILLXMBEXEE.

___________________________________________________________________________________________________

Boardfly’s high-radix topology is inspired by Dragonfly topology
principles. By increasing the number of direct optical long-haul links
between groups of boards, we flatten the network. For that same 1024-
chip pod, Boardfly reduces the network diameter from 16 hops down to
just seven.

---------------------------------------------------------------------------------------------------

Boardfly BRSEE (high-radix) #ifhREIRE Dragonfly it
I, EEMIREZ MEER S R EHBNRE, RIBTT
M., BWTREFR 1024 iS558 (pod) , Boardfly R4 E
BM 16 BERADRITIN 7 B

This 56% reduction in network diameter translates directly to lower tall
latency, so that the TPU 8i CAE isn't left waiting for data to arrive from
across the pod.

---------------------------------------------------------------------------------------------------

REERHDT 56%, KEBELNERORBEIER, ME
“TPU 8i CAE EBSSEUBME Pod M B—IRIEMITR,
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Figure 6: A visual representation of the maximum seven-hop ICI network
diameter via optical circuit switch on TPU 8i pod
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stack

____________________________________________________________________

BREERAE: MEAEGESER Al BiARE

Hardware is only as powerful as the software that drives it. The eighth
generation of TPUs are built on the same performance-first stack we
pioneered with the seventh-generation Ironwood TPUs, designed to
make custom kernel development accessible without sacrificing the
abstraction of high-level frameworks. This stack includes:

BHREARRENATRNENRE. 5/\K TPUBRERIN
58X Ironwood TPU FEIRIEREMARAEZ L, BHEILEE
MXAGFAZEEMFIR, RRXTEESRIERVMRE. %
AR EE:
e Pallas and Mosaic: We provide first-class support for Pallas, our
custom kernel language that lets you write hardware-aware kernels
in Python. This enables you to squeeze every drop of performance
out of the TPU 8i CAE and the TPU 8t SparseCore.

Pallas &l Mosaic: Bfi1 Pallas 2t —#0%5, REHA
WEEXAIZIES, RVFEEA Python REBABAAL,
X{EEEETSHET TPU 8i CAE #1 TPU 8t SparseCore KyE—

* Native PyTorch experience: We're thrilled to share that native
Py Torch support for TPUs is now in preview. If you're currently
building and serving models on PyTorch, we've made it easier than

avar tn etart 1icina TPl le Ynii can hrina vniir evictina mndele tn ninir
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TPUs just as they are, complete with full support for the native
features you rely on, such as Eager Mode.

----------------------------------------------------------------------------------------------

[t PyTorch fh38: BfHEEMENNE, TPU FE
PyTorch MIZISHIE#A TSI ER. WMRIGEBIEEER
PyTorch M2 FRHUERIARSS, RAIMIEFHIATER TPU ISLE
EEARRPENE S, EUESENGEETBIRT
K TPU £, HIRISHEFRKMAIFEINGE (40 Eager =
'Mode) HIEEXZH,

e Portability: The same JAX, PyTorch, or Keras code that runs on
Ironwood scales to this generation. Accelerated Linear Algebra
(XLA) handles the complex translation of the Broadly topology and
CAE synchronization behind the scenes, allowing you to focus on
your model, not the interconnect.

ERSHEM: 7E Ironwood EiEfTHI JAX, PyTorch 5 Keras
RBEETRT RIX—RFR. MEEERR (XLA) EEE
4432 Broadly #E#H CAE RIS M E R, ILEAIMNEETF
1BEEY, TMHEEERA. |

____________________________________________

____________________________________________

Our commitment to co-designing hardware and software continues to
pay dividends. When compared to seventh-generation Ironwood TPU,
the eighthgeneration TPUs deliver massive gains:

---------------------------------------------------------------------------------------------------

HIAE AR RIS AR S R AR, 5EER

https://cloud.google.com/blog/products/compute/tpu-8t-and-tpu-8i-technical-deep-dive 2026/4/22 23:27
Titg: 24/29



Ironwood TPU #Lt, 55/\fX TPU EI T EXRIREFH

e Training price-performance: TPU 8t delivers up to 2.7x
performance-per-dollar improvement over Ironwood TPU for large-
scale training.

----------------------------------------------------------------------------------------------

SN FERTAMMEIIEE, TPU 8t 4Lt Ironwood
TPU LT &k 2.7 (MO MR AMERIET .

______________________________________________________________________________________________

» Inference price-performance: TPU 8i delivers up to 80%
performance-per-dollar improvement over Ironwood TPU,
particularly at low-latency targets for large MoE models.

WIBMMEE: TPU 8i #BEE Ironwood TPU 2T 55X 80% By
BUMAIERERTE, 7EAE! MoE REMMEERBF TRAA
ALE,

» Energy efficiency: Both chips deliver up to 2x better performance-
per-watt, critical for scaling the next generation of Al sustainably.

----------------------------------------------------------------------------------------------

BENLE: FRRS A IOSTHL T A 2 (EMEAAITHIEAREIRT, X
T AR T Al EXEE, |

______________________________________________________________________________________________

Looking ahead

To empower Google Cloud customers pioneering the next wave of
innovation, we designed TPU 8t and TPU 8i as two distinct, specialized
systems tailored to the multifaceted future demands of the Al lifecycle.

---------------------------------------------------------------------------------------------------

R TR F— R RIEFE S Google Cloud BF, {118
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___________________________________________________________________________________________________

TPU 8t and 8i are both purpose-built for the most demanding serving
and training workloads, fully integrating with the Al Hypercomputer
software stack: JAX, PyTorch, vLLM, XLA, and Pathways. This
specialization and ground-up redesign, all in deep collaboration with
Google Deepmind, delivers exceptional price-performance and power
efficiency.

'TPU 8t f 8i RN ST SHREBMIIG TERSTITE, #5
EAI Hypercomputer {4+ (JAX. PyTorch., vLLM, XLA #l
‘Pathways) REER. EMHEWLIZITIMRS Google
‘Deepmind RESERHTHREEN, RHT SN LA
Mtk.

The modularity of our eighth-generation architecture provides a clear
and unique roadmap for the future. Just as every major shift in the
computing landscape has required infrastructure breakthroughs, so
does the agentic era.

---------------------------------------------------------------------------------------------------

oA 158/ \ IRV IRIR LIS M S AR SRR R 7 7B M B IR 5 RIER 22
B, EMtESENS—REAEEPREEMIRMERIRE—
#, EaEf (Agentic) RHELAHISH,

Reasoning agents that plan, execute, and learn within continuous
feedback loops cannot operate at peak efficiency on hardware that was
originally optimized for traditional training or transactional inference;
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their operational intensity are fundamentally distinct.

EERIRERPETAR RTRIZ S MRIBEEE, T
BORERNIGHESERIBRAOES LRESSRE; B
ETEEEAR L REATEN,

Our eighth-generation TPU infrastructure has evolved to meet these
specific requirements head-on.

___________________________________________________________________________________________________

RAME/\R TPU BRGEHEST RS, SECARERERE

-------------------------------------------------------------

_____________________________________________________________

e Get involved in the community forums
B51Kigin
* Check out the eighth-generation TPU announcement video

------------------------------------------

__________________________________________

__________________________________

o o . I N, A Y A e !
e Visit our TPU website JA[B]1FEA 169 TPU pWiud:
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